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Machine Learning and Its application in Library: Take TensorFlow as an Example/Guo Limin et al.
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Abstract: Machine learning (ML) is a particular approach to artificial intelligence. TensorFlow is the
second generation machine learning framework of Google. This paper focuses on the basic principles of ma-
chine learning and the basic methods of machine learning by using TensorFlow. Its purpose is to explore
the possibilities and scenarios of machine learning applications in library. A TensorFlow ML model is es-
tablished and with the index data from National Index of Newspapers and Magazines, a complete process of
automatic classification of records had been accomplished and proved feasible. Through the training process
and testing of more than 170 million data records, the experiment has overcome the contradiction between
the less comprehension of the index data and the trivial category labels, and reached nearly 80% of the cate-
gories and nearly 70% of the accuracy rate. It can be concluded that the approach is capable of taking into

practice, at least to carry on a semi-automatic processing of classification, which is expected to significantly
save labor costs. The next step will be optimizing the parameters and system tuning. We hope it can strive

to achieve an accuracy of 90% by automatic classification.
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